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Research on unmanned aerial vehicle target search
strategy based on Bayesian information update
LI Yue, ZHOU Changyin

(College of Mathematics and Systems Science, Shandong University of
Science and Technology, Qingdao, Shandong 266590, China)

Abstract ; Based on Bayesian information updating method, a dynamic strategy model of unmanned aerial vehicle tar-
get search was proposed and the corresponding algorithm was given. This model was based on a more general Bayes-
ian prior hypothesis instead of uniform distribution assumption in some existing literature. In unmanned aerial vehi-
cle search operations, Bayesian intervention could be implemented to improve the real time search strategy by utili-
zing the newly acquired information of the target search area. In the numerical experiment, the distribution of the
target in the search area was assumed to be normal distribution. The experimental results show that the discovery
probability under the normal distribution hypothesis is higher than that under the uniform distribution hypothesis,
and the cumulative discovery probability will not decrease after Bayesian intervention.
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