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Image inpainting algorithm based on neighborhood correlation

factor coupled with information metrics rule
CHANG Guofeng', XU Lijun®
(1. School of Computer and Information Engineering, Xinxiang College, Xinxiang, Henan 453003, China;

2. School of Computer Science, Wuhan University of Technology, Wuhan, Hubei 430063, China)

Abstract: In order to overcome the deficiencies such as discontinuity and ringing effect in repair results induced by
ignoring the variation of image texture information in current image inpainting algorithm, an image inpainting algo-
rithm based on neighborhood correlation factor and information metrics rule was proposed in this paper. Firstly, the
normalized cross-correlation values of the blocks to be repaired and their neighborhood blocks were introduced into
the calculation of priority to construct the neighborhood correlation factor. This factor was then combined with con-
fidence and data items to calculate the priority so as to obtain the priority repaired blocks. The information metrics
rules were established using the mean and variance characteristics of image blocks, and the size of sample blocks was
adjusted according to the variation of texture information. Finally, the error square sum function was introduced to
measure the similarity between the repair block and the matching block, and the optimal matching block was ob-
tained. The repair block was filled with the pixels in the optimal matching block to achieve image restoration. The
experimental results show that the proposed algorithm has higher repair quality.
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Fig. 2 Size adjustment procedure of sample blocks
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