®30% 18 Vol. 30 No. 1 Journal of Shandong University of Science and Technology
2011 £ 2 A Feb.2011 ‘ /8

FCTAE 2k 3¢ 7 o] w5 ol UH 33030 1) S i) 28 el i o )

BEE X#ER,FI5ERHH 2 B
(LWL AHEKFE b R, R &% 271019;2. T BT BARBFE PO, dE F M 4500003
SLWAARRKF FAESEAIRFR.LA FH 266510)

H E:EHAAGENTREARMNERTER R B HEARBRXBYA+ - ETL ARBEHNEHFFE2AGA
A, BRAEL IO TR ALk a@ARATTRAN, F A F A E SRR EMNBIERTEAEL., TN %faﬂf]
EVLHEAT.EBPAZEREL L LML . ELIF TR RAEHERT BPAZEME T .38 XHFAK.BP W4
BHERMNAFER TR G 2BRTERIF TR F %k £ 2 f oA L, BP A2 WM&z fahih #4,

KB ALXIFaEWE I LML ELZT )T E0 B R

FESFES U4 MR AR A XEHE:1672-3767(2011)01-0078-05

Prediction of Short-term Traffic Flow with On-line Support Vector Regression Algorithm
GAO Xuehui', LIU Yanzhong?, WANG Qiaozhi', JIA Shisheng', SUN Hao’
(1. Department of Mechanical and Electrical Engineering, Shandong University of Science and Technology, Taian, Shandong
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Abstract; The prediction of precise real time short-term traffic flow is very important to the transportation not only
in urban road nets but also in freeway system and, it is a foundation of traffic control and guide system. The short-
term traffic flow (STTF) was predicted by applying the on-line support vector regression (OLSVR) algorithm and
simulation was operated with real data measured in one section of Jinan elevated road in this paper. The predicted
results showed that on-line support vector regression (OLSVR) algorithm was superior to the BP neural network al-
gorithm in precision under the condition of small samples. The precision of the BP neural network algorithm was
raised with the increase of the sample size, but still smaller than that with the OLSVR algorithm. The calculation
time with the BP neural network algorithm is shorter than that with the OLSVR algorithm.
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