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Abstract: Aiming at the shortcomings of the marginal Fisher analysis. such as small sample size problems and
obtained discriminant vectors lack of constraints, a maximum marginal uncorrelated marginal Fisher analysis was
proposed. By adopting the maximum margin between matrices which characterize the divisibility and compactness of
data as the object function, the proposed method avoids the small sample size problems in the marginal Fisher
analysis. As to the computation of the uncorrelated discriminant vectors, the uncorrelated space is computed firstly
and then the standard eigenvalue problem is solved. Simulation results show that the new method, which is superior
to the existing marginal fisher analysis and its improved methods in the recognition performance,also avoids using
the iterate method for the uncorrelated discriminant vectors and has some practical value.
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Fig. 1 Recognition rate with different Fig. 2 Performance comparison of two

dimensions on AR face database methods with different training samples
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