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A Multi-VSM Micro-blog Public Opinion Link Detection Method Based on Semantic
Pang Haijie, Liu Chungiang
(College of Information Engineering, Qingdao Binhai University, Qingdao, Shandong 266555, China)

Abstract ; Based on the features of micro-blog public opinion, this paper proposed a micro-blog public opinion link de-
tection method based on semantic mining. This method focused on the representation model and the similarity com-
puting method of public opinion. In terms of the representation model, responses to a micro-blog post were used to
expand this micro-blog post with the aim to deal with the problem of data sparseness,and then based on the Tongyici
Cilin, the similarity between words was computed with the aim to deal with the problem of micro-blog’s grassroot
nature, Finally, the multi-vector space model was established to represent the public opinion. In terms of the simila-
rity computation method, a multi-dimensional similarity computation method was proposed. Experimental results
show that our proposed method can improve the precision and recall of the micro-blog public opinion link detection
effectively.
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