@ 35% @3 Vol. 35 No. 3 Journal of Shandong University of Science and Technology

2016 £ 6 A Jun. 2016 ‘112

AR IC 2 —BOPE IR Il i) 23 A A0 = i 572

FEE ,Fxm . FEE ,AFE
(LWL AHBEXRE 3B 25835, 048 58 266500;2. WARB KRS 2aHSE 23,04 F8& 266590)

H OE AL ZRATRE T EIAT EMEHAE. BRI E AR R R R B &R0 R R — BRI
M RET RS R XMFRAE. BERAATOHFBRG — N FHAZE. P BT BR—AHEMF TS
9 JE T 5% A 4B R AE A % R F Sk Hesse 48 M 35 09 AR SE 4B FF , £ IR T 4K JE 4B [ 09 3 A 5 bk s 5 3 0 X 52 I 2 R 89
BAE RS THEZREMEN, EE S L4 T GEN T oA X505k 0h 4 Bl Stk BB 3F & I i B, 5
i it HAE F IR T Fk eG4 AR,

KW LY R —BBREA; 5 XBF Rk &R S KBk

hE 5 %S :0224 XEkERERD A NERHS.1672-3767(2016)03-0112-07

Distributed Quasi-Newton Algorithm for Solving Unconstrained Consensus Optimization
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Abstract; A class of distributed quasi-Newton algorithm was proposed for solving the unconstrained consensus opti-
mization, where the network nodes work collaboratively to minimize the sum of their locally known convex costs.
The new algorithm used only the first-order derivative information of the cost function. By choosing a positive defi-
nite diagonal matrix as the quasi-Newton correction of the inverse of the Hesse matrix of the cost function at each it-
eration, the proposed algorithm successfully overcame the difficulty caused by the non-sparsity of the correction ma-
trix in the implementation of distribution, and greatly decreased computation and storage pressure. Under suitable
conditions, the proposed distributed quasi-Newton algorithm was proved to be globally convergent with local linear
convergence rate and its superiority was verified by numerical simulations.
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