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Alarm Design of Evidence Filtering Based on Belief Rule Base Inference
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Abstract: In order to reduce the influence of process variable uncertainty on alarm results, a design method of evi-
dence filtering alarm based on belief rule base (BRB) inference was proposed in this paper. The usual absolute
threshold was converted into the relative threshold of the fuzzy membership form, with which the transformation
from the process variable to the alarm evidence was completed. According to the evidence distance, the mutual sup-
port between them was obtained. Conditional evidence linear updating rules were adopted to achieve the filtering and
gain the updating weight. BRB was used to establish the non-linear relationship between historical and current time
alarm evidence support and updating weight. With rule-based inference. the updating weights were obtained online.
The results of the statistical analysis of false and missing alarm rates of process variables show that, the proposed
BRB method has a better performance by making full use of expert knowledge to realize the online regulation of up-
dating weight.
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Fig.1 Alarm’s Fuzzy Threshold
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