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Abstract; The past few years have seen the rapid development of Internet finance market, which attaches a growing
importance to the comprehensive understanding of the credit of money borrowers. At the same time, the authority,
standardization and availability of judical documents have become an essential data source for the credit rating of
money borrowers. In this paper, the application of named entity recognition (NER) technology on judical documents
was explored. Information extraction was first carried out from judicial documents on the internet. A hidden Markov
model (HMM) and max entropy Markov model (MEMM) based on crime-related tags were then established. With
the help of the HMM and MEMM, key judicial information such as defendants and charges was finally extracted
from these judicial documents to provide sufficient information source for the credit risk management of internet fi-

nance platforms. Experiment results show that the average F values of HMM and MEMM reach 87.79% and
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90. 28% respectively. The proposed method can overcome the difficulty of recognizing crime entity and the differ-
ence of judicial document format and has a better performance in extracting judicial information from documents of
criminal judgment.

Key words: crime entity recognition; judical documents; HMM; MEMM; crime-related tags
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Fig.1 The recognition and extraction process of names of the accused and the offense he/she

commited using HMM and MEMM trained on crime-related component tags
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Tab.2 The crime-related component tagging algorithm
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Tab. 3 Labeling word sequences in judicial documents with crime-related

component tags using Viterbi Algorithm under HMM
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Tab.4 The inner structure of crime name
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