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Abstract; In view of the complexity and long period of calculation in most combination prediction model based on in-
telligent algorithm, this paper applied information entropy theory to traffic flow prediction. A new combination pre-
diction model based on entropy weight method was established by using the implicit information generated by objec-
tive data. With the actual traffic volume data measured on a certain street as the essential data, simulation experi-
ments were implemented by using the new model and other different methods for comparison. The results indicate
that the proposed new model is superior to other different methods in both prediction accuracy and calculating speed.
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Tab.1 Predicted value and errors of individual prediction algorithms

f1 f2 f3
AE SR AE
T A BWE/ N T {E w®E/% BiRUUR D w"E/%
1990 3217.1 3534.4 9.9 2871.4 10.7 3 386.1
1991 3519.8 3 718.9 5.7 3 408. 2 3.2 3529.5
1992 3727.9 3913.1 5.0 3 690. 1 1.0 3 683.8
1993 3 785.0 4117.4 8.8 3523.5 6.9 3 844.9
1994 3724.7 4 332.4 16.3 3539.5 5.0 4013.0
1995 3612.6 4 558.7 26. 2 3395.8 6.0 4 188.5 16.
1996 3 861.1 4.796.7 24.2 3 326.5 13.8 4 371.7 1
1997 4 088. 6 5 047. 2 23.4 3 057.7 25.2 4562.9 11
1998 4 728.5 5 310.7 12.3 3821.3 19.2 4762.4
1999 5392.3 5588.1 3.6 5376.7 0.3 4 970. 6
S H R 2 13.54 9.13 6.76
F2 ETHBZENASHUNER
Tab. 2 Result by combination prediction model based on EWM
iEfy AL 414 U w®E/%
1990 wi =0.258 65 w; =0.239 3; w; =0.502 1 3301.3 2. 62
1991 w; =0.204 45 wy, =0.364 15 w3 =0.4315 3524.0 0.12
1992 w; =0.098 45 wy =0.419 85 ws =0.409 8 3709.5 0.49
1993 w; =0.128 65 wy =0.164 05 wy =0.707 4 3 827.2 1.11
1994 w; =0.156 8; w, =0.511 25 ws =0.332 0 3 821.0 2.59
1995 w; =0.142 85 wy =0.623 4; ws =0.233 8 3 747.2 3.73
1996 w; =0.218 05 wy =0.382 35 ws =0.399 7 4 064. 8 5.28
1997 w; =0.253 435 wy, =0.235 3; wy =0.511 2 4 331.0 5.93
1998 w; =0.052 15 wy =0.033 35 ws =0.914 6 1 759. 6 0.66
1999 w; =0.074 35 w, =0.891 4; w; =0.034 3 5378.5 0. 26
*3 AMHEASTNEELERTE
Tab. 3 Effect comparison of 2 combined prediction models
S fs
Ay
24 T B W%/ % 44 T B W/ %
1990 3294.8 2.4 3301.3 2.6
1991 3 557.1 1.0 3524.0 0.1
1992 3 758.4 0.8 3709.5 0.5
1993 3 845.1 1.6 3 827.2 1.1
1994 3 987.2 7.0 3 821.0 2.6
1995 4 093.0 13.2 3747, 2 3.7
1996 1 225.7 9.4 4 064. 8 5.3
1997 4312.0 5.5 4 331.0 5.9
1998 4 683.6 0.9 4.759.6 0.7
1999 5 276.2 2.1 5 378.5 0.3
FHiR%E 5.7 2.3

S Bk 0.65 s 0.01 s
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