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Abstract; Remote sensing monitoring has become the most popular and fastest advanced method of grass yeild esti-
mation in pastoral areas. Based on the modified CASA model and the MODIS MOD13A1(Net Primary Productivity,
NPP) remote sensing data during 2000—2010 and the precipitation and temperature data from April to September
each year, the satellite remote sensing model of grass yield estimation of different types of grassland in the three-riv-
er headwater region were established by using ArcGIS software. The results show that with a yield of 160-180 kg

per mu ., the overall trend of grassland yield in lake basin and river shoal is slightly increased; with a yield of 48-
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56 kg per mu in mountain grassland, 39-45 kg per mu in plateau valley and desert grassland, and 40-50 kg per mu in
mountain wilderness grassland, the overall distribution trend is very stable; with a yield of 110-130 kg per mu in al-
pine meadow, and 70-80 kg per mu in plateau wide valley grassland, the overall trend is relatively stable; with a
yield of 130-160 kg per mu in mountain sparse forest grassland, the overall trend is on slight decline; and the yield
of mountain shrub pasture is 128-160 kg per mu . Due to the great amount of rainfall, the high degree of moisture,
and the relatively flat terrain of the southeastern region, the grass yield shows a pattern that gradually decreases
from southeast to northwest. The study of alpine meadows and plateau grasslands, which occupy the vast majority
of the grasslands, can provide some guidance for grassland biomass research, the sustainable utilization of grassland
resources and the sustainable development of animal husbandry.

Key words: grass yield estimation; improved CASA model; remote sensing monitoring; three-river headwater re-

gion; MODIS satellite data
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Tab. 2 Tibetan pasture property data
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Fig. 3 Distribution map of grassland types in the three-river headwater region
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